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Figure 1: The initial pool of crowdworkers are randomly assigned to one of four protocols and the datasets are

collected in parallel.

What Ingredients Make for an Effective Crowdsourcing Protocol for Difficult NLU Data Collection Tasks? (ACL 2021)
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https://github.com/KLUE-benchmark/KLUE-baseline
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https://klue-benchmark.com/

Discussion

Ress Eownicad Download Baseline Code Link

https://aistages-prod-server-public.s3.amazonaws.com/app/Competitions/

000065/data/klue_code.tar.gz

Download Data Link_KLUE-TC (a.k.a. YNAT)

https://aistages-prod-server-public.s3.amazonaws.com/app/Competitions/

Download Data Link_KLUE-STS

https://aistages-prod-server-public.s3.amazonaws.com/app/Competitions/

Download Data Link_KLUE-NLI
https://aistages-prod-server-public.s3.amazonaws.com/app/Competitions/
Download Data Link_KLUE-NER

stages-prod-server-public.s3.amazonaws.com/app/Competitions/

000066/data/ynat-vl.tar.gz

000067 /data/klue-sts-v1.tar.gz

000069/data/klue-ner-vl.tar.gz
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dataloader.py

requirements.txt

e Individual Tasks > YNAT > Data > Download Baseline Code > &%

I
<>

Date Modified

Jun 25, 2021 11:41 AM
Jun 25, 2021 11:41 AM
Today 11:17 PM

Today 10:59 PM

Jun 25, 2021 11:41 AM
Jun 28, 2021 9:42 AM
Jun 25, 2021 11:41 AM

Size

2 KB

511 bytes
4 KB

Zero bytes
89 bytes
99 bytes

2 AR e O

Kind

Python script
Python script
Python script
Folder
Python script
Plain Text
Python script



e Individual Tasks > YNAT > Data > Download Baseline Code > &4 D> &= > A=

Uploaded File

Model Name

[ My model

Model URL (Optional)

ynat_code_test.tar.gz 0

Model License

MI Apache-2.0 Individual input

Description (Optional)

l https://huggingface.co/klue/roberta-base ]

Hyperparameter (Optional)

[ --batch_size 32 --learning_rate 0.0001 --warmup_ratic B l

Key
batch_size
learning_rate

warmup_ratio

training_epochs

+]

Input

Value

32

0.0001

0.1

input

Test code for YNAT

Submission

24%

Uploading...

Notification

.

Submission Success

Submission Success

CONFIRM
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e Individual Tasks > YNAT > Data > Download Baseline Code ) +4 > &= > A=

Phase State Hyperparameters JobName Created_at Job Log
Pending More In/C66/U337/3 2021-08-02 23:19 More
Rows per page: § ¥ 1-1of1
In/C66/U337/3

bash: cannot set terminal process group (-1): Inappropriate ioctl for device
bash: no job control in this shell

2021-08-02 14:24:09,569 sagemaker-training-toolkit INFO Imported framework sagemaker_pytorch_cont
ainer.training

2021-08-02 14:24:09,595 sagemaker_pytorch_container.training INFO Block until all host DNS lookups suc
ceed.

2021-08-02 14:24:15,833 sagemaker_pytorch_container.training INFO Invoking user training script.
2021-08-02 14:24:19,545 sagemaker-training-toolkit INFO Invoking user script

Training Env:

{ "additional_framework_parameters": {}, "channel_input_dirs": { "eval": "/opt/ml/input/data/eval", "mo
del": "/opt/ml/input/data/model" }, "current_host": "algo-1", "framework_module": "sagemaker_pytorch

" RIART]

_container.training:main", "hosts": [ "algo-1" ], "hyperparameters": {}, "input_config_dir": "/opt/ml/inpu

New Submission

My Submission

Job Log

Overview

Task Record

Phase

Data Submission

Submission ID

TC-6

State Hyperparameters JobName Created_at Job Log
Done More In/C66/U337/6 2021-08-03 12:05 More
Done More Ev/C66/U337/6 2021-08-0312:11 More
Rows per page: g & 1-20f2
My Record Leaderboard Discussion
I
Result F1 Model Description Hyperparameters Final Submission
{"F1": 85.71} 85.71 YNAT test More More Select [

Rows per page: 5 Y 1-1ofl
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o e.g., social bias inference

static benchmark vs. dynamic benchmark

Dynabench: Rethinking Benchmarking in NLP
Douwe Kiela’', Max Bartolo®, Yixin Nie*, Divyansh Kaushik’, Atticus Geiger?,
Zhengxuan Wu', Bertie Vidgen', Grusha Prasad**, Amanpreet Singh’, Pratik Ringshia',
Zhiyi Ma', Tristan Thrush', Sebastian Riedel'!, Zeerak Waseem'', Pontus Stenetorp’,

Robin Jia', Mohit Bansal*, Christopher Potts’ and Adina Williams'

! Facebook AI Research;  UCL; * UNC Chapel Hill; * CMU; Y Stanford University
! Alan Turing Institute; ** JHU; " Simon Fraser University
dynabench@fb.com
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Any questions?



