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o tfidf vectorizer
*SVM, RF, NB, etc.
e stratified 5 fold cv
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smal | _grid.predict(vect2.transforn(['2|CHE HS 20|

array(['C'],
dtype="<U1")

smal | _agrid.predict_proba(vect2.transformn(['2|CHE S Z0|

array([[ 0.81000415,

0.18999585]]1)
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You have just found Keras.
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Keras

«you just found keras(=1.2.2) + konlpy
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*Online Review Sentiment Analysis

Dataset Classes Traln Sarnples Test Samples Epoch Size
AG’s News + 120,000 7,600 5,000
Sogou News 5 450,000 60,000 5,000
DBPedia 14 560,000 70,000 5,000
Yelp Review Polarity 2 560,000 38,000 5,000
Yelp Review Full 5 650,000 50,000 5,000
Yahoo! Answers 10 1,400,000 60,000 10,000
Amazon Review Full 5 3,000,000 650,000 30,000

Amazon Review Polarity a 3,600,000 400,000 30,000
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Konlpy(twitter) «  Konlpy(twitter)
TF-IDF Vectorize s Word Embedding
SVM e« LSTM
acc 83% e+ acc 83%7
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« Hyper Parameter Tuning
«LSTM & CNN

« Batch Norm

« Regularization

« Text Pre-Processing
 Dictionary

« Word2Vec

o FastText
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TF-IDF Vectorize e
SVM e

acc 83% e

Konlpy(Mecab)
Word Embedding
LSTM

acc 90%!
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AWS Lambda Deployment Limits

Item

Lambda function deployment package size (compressed .zip/.jar file)
Total size of all the deployment packages that can be uploaded per region

Size of code/dependencies that you can zip into a deployment package
(uncompressed .zip/.jar size).

Note

Each Lambda function receives an additional 500MB of non-
persistent disk space in its own /tmp directory. The /tmp
directory can be used for loading additional resources like
dependency libraries or data sets during function initialization.

Default
Limit
50 MB
75 GB

250 MB
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Character-level Convolutional Networks for Text
Classification”

Xiang Zhang Junbo Zhao Yann LeCun
Courant Institute of Mathematical Sciences, New York University

719 Broadway, 12th Floor, New York, NY 10003
{xiang, junbo.zhao, yann}@cs.nyu.edu

Abstract
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Character-Aware Neural Language Models

Yoon Kim Yacine Jernite David Sontag Alexander M. Rush

School of Engineering a

Courant Institute of Mathematical Sciences

Harvard University New York University

Abstract While NLMs have been shown to outperform count-based

. Y ) 1 » ‘ 1 »
: guage models (Mikolov et al. 2011), they arc
We desc € SIMple neural language | . . i
. , ‘ - ‘ bword information (e.g. morphemes). For exam
lies only on character-level inputs. Pred i g . . . ; T
: ‘ ‘ lo not know, a prion, that eventful, eventfully, un-
( t the word-level. Our m .
lutional neural network (CNN and uneventfully should have structurally related
work over characters. whose output is eiven to : embeddings in the vector space. l:nr\'d\llnzf\ of rare words
AA! UVCL Cildldauvicl o, VW LIUIOK \\ll Ul 1D =1V 1] L e | . b
. ' " vwvary thaas ha ] . : p . . 1 y hicoh vy loavitie
long short-term memory (LSTM) recurrent neural net can thus be poorly estimated, leading to high perplexities
work language model (RNN-LM). On the English for rare words (and words surrounding them). This 1s espe-
Penn Treebank the model is on par with the existing cially problematic in morphologically rich languages with
state-of-the-art despite ‘ [ewer paramelers. lono-tailed freanencv dictribntione or domaine with dvnamie



X301 K2IE 6k11 Lol X220 KH2IS & oS AICH

XH201 X121 & 0L 22 A=501 & 201

A= HIOIEE MEZAICE



X301 K2IE 6k11 Lol X220 KH2IS & oS AICH

U= GI0IE1 MET]
Dataset Classes Train Samples Test !
AG’s News 4 120,000 7
Sogou News S 450,000 6(
DBPedia 14 560,000 7(
Yelp Review Polarity 2 560,000 38
Yelp Review Full 5 650,000 5C
Yahoo! Answers 10 1,400,000 6(
Amazon Review Full 5 3,000,000 651

Amazon Review Polarity 2 3,600,000 401
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e Twitter pos — TF-IDF — SVM

e Twitter pos — Keras(LSTM)
« Preprocessing — Mecab pos(dict) — w2v — Keras(LSTM)
 Preprocessing — Keras(CNN)
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