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[0.3, 0.2, ..]
[06.2, 0.1, ..]
(6.9, 0.6, ..]

"How old are you?"
"What is your age?”

"My phone is good."

- #flE 2HI3 : HOolE & HE Q2E WIAMTI= R

*https://www.learnopencv.com/universal-sentence-encoder/
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- Glove .

[
N —
- x=lSLE =2

A SO =2 EH HE(SASAEE)E ALE
Probability and Ratio | % = solid k = gas k = water k = fashion
P(klice) 1.9x 107" 6.6x107° 3.0x10™9 1.7x107°
P(k|steam) 22x107°% 78 x107% 22x10% 18x107°
P(k|ice)/P(k|steam) 8.9 8.5 x 1072 1.36

0.96
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Document matrix

Vectorisation

Pooled representation

K-max pooling

Feature map

Wide convolution

Sentence Matrix
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3. ETAH Y GiIX)

IMDB 3} 2|8 - 2H/2H 22

- Ediol'd H|O|E{ 25,000TH, HIAE O|OIE{ 25,0001

A B
review zentiment
|Just to let everyone know, this is possibly the WORST movie | have ever seen, and |'ve seen pretty much everything. If you're thinking of renting it, D 0
-Thuugh often considered Peter Sellers' worst film, it is in fact an excellent send-up of medical corporate corruption and abuses of power. Often misu 1
|What a terrible sequel. The reason | give this film two stars instead of zero because it's a3 movie that has violence and gore and critters, yet it is plann 0
|You know those movies that are so unspeakably bad that you have to laugh? Half-caste wasn't one of them. Which sounds good, right? But no, it's 0
{I've enjoyed this movie ever since | was a kid and | still do. | also liked Batman forever back then but the real difference is that THIS movie didn't dats 1
|This is a superb game for the N64 with superb graphics and a great one-player story-line and even better multi-player game best played with 4 peop 1

0
1
1
0
0

-Dudg}r plot, dodgy script, dodgy almost everything in fact. The most compelling performance is that of Joanna Pacula as Lauren, but even that does
This movie is funny and sad enough | think that it is kinda true. If you love Office Space then you will love this movie because it is another Mike Judl
This is, by far, the best movie I've seen in a long while. It is a2 wholly original and beautiful plot. It is not boring, nor is it too dramatic. The characters
|1 know if | was a low budget film maker | would probably be checking this page to find out what people are saying about it. So | really hope the crez
|1 wish | could have given this a Zero. Sure I'll admit that | also mistakenly picked this up thinking it was the Spielberg version. A clever marketing plo
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—
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*http://ai.stanford.edu/~amaas/data/sentiment/



3. ETAH Y GiIX)

IMDB 3} 2|8 - 2H/2H 22

- Ediol'd H|O|E{ 25,000TH, HIAE O|OIE{ 25,0001

- AMM sk&5E Glove HIE{(Wikipedia 2014 + Gigaword 5 )

Epoch 80818: val_loss did not improve from ©.36422

Epoch 19/20
— o_lh 83.7% - 255 - loss: ©.3785 - acc: 0.8316 - val loss: 8.3753 - val_acc: 9.8384

Epoch 80019: val loss did not improve from ©.36422

Epoch 208/20
- 245 - loss: B.3763 - acc: 0.8350 - val loss: 8.3730 - val_acc: 9.8448

Epoch 80@20: val loss did not improve from ©.36422
[@.36754346494674683, O. 83?5999972343445
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3. ETAH Y GiIX)

oreF E”IOI'sS OIOIETE 1,250Th 2 RALrH?
(5%)

Epoch 90820: val loss improved from ©.6178@ to 0.6
[0.6050200926786761, @.7641 59991?4118@4“




OIOFE M= 00 B - 28/R8 EF

- &2 O|0|E{ 3602HH, EHIAE& O|0|E{ 400+

*https://www.kaggle.com/bittlingmayer/amazonreviews
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- &2 O|0|E{ 3602HH, EHIAE& O|0|E{ 400+

Epoch 88031: val_loss improved from 0.17975 to 0.17938, saving model to fhome/1lfm
JTL/Hands-On-Transfer-Learning-with-Python/Chaptere7/model/amazonreviews/model 06
.hdf5

Epoch 32/35

- 134s - loss: 0.1576 - acc: 0.9419 - val loss: 0.1869 val_acc: 0.9322

&S 200K

o
o>

Epoch 08032: val loss did not improve from ©.17930
Epoch 33/35
- 1365 - loss: 0.1570 - acc: 0.9417 - val loss: 0.1846 val_acc:

Epoch 08033: val loss did not improve from ©.17930
Epoch 34/35
- 1335 - loss: 0.1559 - acc: 0.9423 - val loss: 0.1876 val_acc:

Epoch 08034: val loss did not improve from ©.17930
Epoch 35/35
- 131s - loss: 0.1552 - acc: 0.9426 - val loss: 0.1865 val_acc:

Epoch 08035: val loss did not improve from ©.17930
(elmoenv) 1fm@lfm-System-Product-Name:~/TL/Hands-On-Transfer-Learning-with-Python
JChapter075s




OolOr=->IMDB EHHATH 25

—+OEoE YOO|E= Glove YHIZE

Elﬁve:GloUe{SB)
initial_embeddings = glove.get_embedding(preprocessor.word_index)

amazon_review model = DocumentModel.load model("/ h me/1fm/TL/Hands-0On-Transfer-

+ 1,2507H GIO|E]

earning-with-Pyt

amazon_review model.load model weights|(|"/home/1fm/TL/Hands-On-Transfer-Learnin H—'lfh-j
learned embeddings = amazon_review model.get classification model().get layer('imdb embedd

glove.update embeddings(preprocessor.word _index , np.array(learned embeddings),

initial embeddings = glove.get embedding(preprocessor.word index)

imdb _model = DocumentModel(vocab size=preprocessor.get wvocab size(),

word _index = preprocessor.word index,

amazon_review model.word index)

=1
=1,

s
=



OolOr=->IMDB EHHATH 25

- ooz A 0|EE Glove UHE + 1,250 CIOIE| &%

update embeddings(self, word index dict, other embedding, other word index):
num_updated = @

for word, i other_word_index.items():
if word_index dict.get(word)
embedding vector = other emheddlng[l]
this wocab _word indx = word index dict.get(word)

.embedding matrix[this_ vocab word indx] = embedding vector

num_updated+=1

'} words are updated out of {}'.format(num updated, len{wcrd_index_dict))!




OolOr=->IMDB EHHATH 25

- ooz A 0|EE Glove UHE + 1,250 CIOIE| &%

86.3%!

irain on 1237 samples, validate on 13 samples
Epoch 1/30
- 25 - loss: 1.7599 - acc: 0.8294 - val loss: 1.5267 - val _acc: 0.8462

Epoch 80001: val loss improved from inf to 1.52668, saving model to
/home/1fm/TL/Hands-0On-Transfer-Learning-with-Python/Chapter87/model/imdb/transfer model 10.hdf5
Epoch 2/30

- 1s - loss: 1.6181 - acc: 0.8367 - val loss: 1.4488 - val acc: 0.7692

Epoch 80030: val loss improved from ©.48925 to ©.46712, saving model to
/home/1fm/TL/Hands-0On-Transfer-Learning-with-Python/Chapter@7/model/imdb/transfer _model 16.hdf5

[0.5902624861717224, 9.86358699164931981
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- AHHO|EEl 2H|Y + 25,0007H GIO|E{ €&

EEEEE words are updated out of 28681
Vocab 5ize = 28683 and the index of vocabulary words passed has 28681 words
87 30/ I I Train on 23750 samples, validate on 1250 samples
" O:: Epoch 1/30
- 14s - loss: 1.1472 - acc: ©.8482 - val loss: 0.7576 - val acc: ©.8592

Epoch 00001: val loss improved from inf to ©.75759, saving model to
/home/1fm/TL/Hands-0On-Transfer-Learning-with-Python/Chapter@7/model/imdb/transfer _model 10.hdf5
Epoch 2/36

Epoch 08830: val loss did not improve from ©.35825

[©.3611379730224609, @.8738400040626526 ]
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->IMDB(5%) ->IMDB (100%)

IMDB 5% IMDB 100%

70% 83% 86.3% 87.3%
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